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7009 7| ERMAAEE HAZE fxolt},

PC7t o ol S -8oly T4 Z=77F okt JHQl AgentE: Al At Al
computer®  3ith= 7]gR[Al  AlFolgt  B7ISHt Desktop, laptop,
workstation =5 Agent AIE Al8)3}= Windows machine® & 3Hsl= AjEo0|1l,
Al compute”} HloJEAIE|® ofUz} client deviceZ WHE 325 AAGH A
A&l

12l 12, RTX Spark

A4 Computex 2026, IBKEAEH

IBKS RESEARCH | 15



H2 go| B200M GTCE

Physical A=
Agent AlI2| St

Cosmos7t
=3 2ol A&t

— =

Alpamayo=

A1g 53 S8t 2

Isaac GROOT=
SHoo|EE 2

16 | IBKS RESEARCH
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8. Physical AI?} Robotics

Agent Ali= HAE =XolH, Agentic modelo] =8| AlAE EHdE= AS Physical
ATl jht), =50] Aoprp Ang sl A9ls padshe 7|4kl 2 Agent
Al 39 2Role T & 4 QU ot 594 7)so] glojAd HAE
2Rod & 4 gltf. NVIDIA= Physical AIE @4 AlAlS] &8 H2E olssh=
ATz}l Awslal )tk Physical A= cloud, PC, vehicle, robot, factory, base station,
edge AHEO® SE Ao ® AUt

Keynoteol| A Physical Al ¥ Cosmos, Alpamayo, GROOT 37}4] ZE-2- A|A|FTh.

1. Cosmost ZZo|U A=F32p7t A AAIE olsioles =2 AAE A4 /
o= / AJEY oA dl= Al ZEo|t}t NVIDIAE World Foundation Models,
tokenizers, guardrails, accelerated data processing pipelinesE 3EgHol=
Physical Al 7§ 38502 Avsict

2. Alpamayo= AH&38x}& Physical Al 24l / TEto|t} Reasoning 7|4
AgFey NS M) Slak o2 Al Bd / AlEdEold = / dloJEAl
de| 2 golgtct, Cosmos?h 7HE AAlh St ElolElE ThE™ Alpamayo=
2 AANA S ARk *A ERAE Alsshe idez olsfshd

H3f,

3. Isaac GROOT reference humanoid robot> FHi-o]= 7iEkS: 93t @& &1
o[t} Isaac= AlEdlold, B <5 U=, CUDA 714 gtolBed],
24l reference workflows E33) AMR, 258 Z, ojuy&EY|olg, TH-0]=
A= @3 Roboites S0},

& o

il

Isaac GROOT Z3HZ 7I8F FH o] =5 703 A% o|¥ Keynote PAFS] S o[t}

25 A9, £ 31 G, 7] 63, A 1509H2-E, Jetson Thor 2 2 2A] AZEGo]
28h% NVIDIAZH A33et,

12! 13, Isaac GROOTE 7H2t8t Humanoid

Zb&: NVIDIA, IBKEASH



DEJt QIMGHE Agent Al

Agent AIS PCOI|A|

NVIDIA: RTX Spark

Intel: Core Ultra Series 3

Qualcomm: Snapdraon X

U2S 6915-5656

Agent Al AItH (Intel / Qualcomm)

Computex 2026 ¥&sk= Keywords Agent Alolth, Ald sfi7F 7Hde] A<,
W AATE Sele & o FASEL A Agent Aloltf, Agent ATE
Tk T2 AHel PCE LHrofzith

Generative Al, Reasoning Alx= AW ZFAko] AtjA o g2 £ QAT Agent Al+= PC
Yo A= 758t TSt Agent AlO® A= Adjdoz Q35 x¢0]7]
ool flojA= QT

NVIDIAE= Vera Rubing Agent AIE 93t A|AEIOR AJfStal Agentd] HFH
&0 tj2sl7] 3IA Vera CPUS wWa 7}z3t}h. 18] Agent Al 7go] PC
gl A 71s8fjof dhh= Azt o2 RTX SparkS 37/03ich

Intel, Qualcomm® Agent Al AJtfo]l 57| g2t Chip Solutione A5 Aglo|tt,
Training Al, Inference Al A]7]] 314 ChipS GPUTE AAlof|A AREE]= H]S0]
GPU7} 7, CPUE 1 ~&0|3lth Agent AIE 433t o= Intelo] KeynoteolA]

AAFH AAY CPUS GPUS ¥%& 1t 1 42Zo|t}. NVIDIAZ} GPU FA4ollA
RTX Spark& AY4ket o]fro]7| & i},

Intel& CPU7} 58 AlEo|th, Agent Al CPUE 7¥slr] 713
Agent Al 7j3H8- PCE $aljA] Core Ultra Series 35 W3 Fc},

Lakeo|t}, GPU2F NPU7} Z3tE]o] Qith, Intele Ao g okt GPUS =E317
a4 Hybrid Agentic Interface® Al TSt dlojg+= PCAlA, &
A9t g Zel o= AHolA 155t WAoot}

Qualcomm@® Agent Al Altjjof| Egi=t] A#e} PCo]| ake}A] a1, AntE ZEfA,
AFEAL 2R Agent AF 288 AR Al )t ESEO R Snapdragon
= Alsath

T2 14, Agent Al 201X|= EAIE

Agent Al on PC

RTX Spark
Core Ultra Series 3

Snapdragon X

g 2} A BRFEASH

IBKS RESEARCH | 17
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2

Agent A= Intelol| 7|2

PC= CPU, GPU, NPU
Ms2 Zsket Core Ultra
Series32 S

Hybrid Agentic Inferface :
Local + Cloud

CPU ZRAM izt
Agent Al= CPU GPU
ALE HIZ0] Hidt

18 | IBKS RESEARCH
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1, Intel / Lip—Bu Tan : Al—driven computing, ecosystem collaboration

IntelS Agent AIE MZ2-& 7|32 HHsIL th Generative Al, Reasoning AIZ %
CPUE & 3aARE GPURRES ofylar, ATl ShsgollA pAel FEe
of qltt, Agent ATE Intel 4744 7He|ale] 2 of -5 koot

1) PC-Edge : = PCE Agentic Platform©.2 1%}

Intel> Agent AIE 934 Core Ultra Series 35 &A1t o Buld s
i 2] 47, CPU-GPUNPU 5§ Al Aol ol Al AFol vlshAl sk olct,
Core Ultra Series 3+ 3007 ©]4 ©]&}2l, Core Series 37}A] ¥HAF Al & 400719
7771 AR SHEshe PC YA W whE 2 AJAstal it

’

Edge 9 9o|%= Core Ultra Series 3 A& U3 Al=X, Robotics, ZHY So=2
25taL, Physical ATE 7] 4% A= AAFH,

2) On—device AI®} Hybrid Agentic Inference

Intel:> Agent Al 8 A& Hybrid ¥Ale A&t ol 283 AldAl=
Perplexityo]ail s§ARFoA  CEO7F s%F &84 A3t Hybrid agentic
inferences= W7IeE WY} 7|9 flolE= Core Ultra 7|8k 22 Hdlo] s,
o glM Aot gy mYl 2o Zuler mulo] Aelsks Lxolo),

Intel> vl #HFEo] dlolgAlHo| ©f W compute, 24 wWAlo® © T2
compute”’} 74 ZA5k= hybrid architecture® Z3}stctal 7Fx2 et

3) HlolEAE : Agent A7} CPU =85 A2

712 LLM inference= GPU-heavy FZFATt, Agent Al= = ARE, 9 97]-2A7],
hntmg(iEoﬂ/ﬂ U]ﬁx-] _Q‘_'TE"-_ /\ﬂ,01 Uxﬂ X]—XHFH ]:H:LE X].E_j XLO]— Z L 7‘]/\]—
1), web fetch, compile, unit test 5 CPU 4 Ajo| 7514 He}

Al 7]& 7]& inferencer= GPU:.CPU H|Z0] 2oF 7:10] 7}7FHA|9t, agentic pipeline
o= CPU% GPU H|Fo| AY| F53tAL CPU-heavy® A2 i},

Intel> x860] ¢F 509zt ©lolHAIHE Fsdfe WHE AHAFE oplgA o,
2030QW71A] A= AW 10t = 87} x86 7|9t Aoz A™sict Xeon 6 Pluss
Computex 20269014 541 A9t 2887l E—core, 576MB L3 cache, Intel 18A 7|4t
IUE-188 CPUR 473t} Xeon 6 Pluse 32U rack 7]& 36,0007) o)A #of,
2o 157k 7l agent -5 7Fs/d= AIART



SocketOl|A] Rack

Al Server :
CPU+GPU+RDU

U2S 6915-5656

4) Rack Scaled} o]% ==& (CPU, RDU, GPU)

IntelS AA &9 computeTte. 2= Agent Al workloadE st ojHrial Bl
Rack Scale HAME WETE Foxconnd} Xeon 7]HF rack scale Al infrastructure
AEE 483} BEL shofa|2 A

Xeon CPU, SambaNova RDU, NVIDIA GPUE 23}t heterogeneous disaggregated
inferenceE A|AF=Hl o= NVIDIAS] NVL Al2®l} FARE xo|t), GPUE
AP CPU= Intel, LPUS thAldlA SambaNova?] RDU(Reconfigurable
Dataflow Unit)S 2834t}

o3} B2 Xeon©| tool execution, RDU7} decode®} token generation, GPUZ}
prompt caching®} prefills ©@@ote 20|tk AHA| HAE 7|E GPU = tiH]
2~ 34} W= inference 5= T8I QT

rz

32! 15, Intel2] Agent Al CHS

Uk
%

PC: Core Ultra Series 3

CPU XHFl'_g' Hybrid Agentic Inference

0|&Z%2: CPU + RDU + GPU

A& IBKEASA

IBKS RESEARCH | 19
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20262 Agento| &),
Agent AIRt= CHE 2|O|

Agent= C|HIO|A

g H2H A

Cloud vs Edge
=HE AMXb
oOL- OO

C|HtO|AT} Agent2 Elst

Agent2 HZEl ClHio|A

20 | IBKS RESEARCH

o=l GTCE

JHZISIACHE OlF

2. Qualcomm / Cristiano Amon : Year of Agents

Qualcomm-> 2026'd& ‘ofo]ME] &' gfal A oJFict, NVIDIA, Inteldt 22 wizho]
sgol, oA WzYs mee] Aolld tor W wlm &4 79
WOl The Aol Mol AL MMl 18 e A NVIDIA, Intel,
Qualcomm©] il Bl = Deviceol| 7 483 <=Al= Qualcomm, Intel, NVIDIA®|T},

Qualcomm®] Agent Al AJtho] th-85l= A2FE Device £4]0|1L CloudREth= Edge
7S & 9 A=xsta Qo

Qualcomm-e A7} sk ZHQlE HFE  HHo|AS] opy|ElA7L W3l
ARRThL B3 Qlal, AZF g E(toolollA AHE AF o] E(agent) 2
Aghslr] ARRYAL, Agent A= AREAE 7Y §lol T AYle SHAoR Ashe
HhAlolgbal AWsit} Qualcomme o] Agko] PC-wHll AEa}-2 5 A 7l 1]
A7 gt dagol= AtolEe SRt AR,

Qualcomm EZ 49 Z7lo] diajA NVIDIA, Inteld} GARSE Ad|ES 2t
g (S g3h) ~19 — ¥ 3(Ak& oo]HE Al
A gkl B ARgRFo] i vl F7lsial qlokal gt

ek

al
ZHlnl E30] AQE T

1 ZAR det AFEAF= 3 9F 50007l token, power user= 1% Ho| 2.5%F 7}
tokene 478k, 7] ofn| k% oF 809 74 token— AgskaL qlom, o=
o Aol ozt AA A »ﬁ—i’*ﬂi% T35t agent E5ol| 7 2ol
AUV A dAE Ay 7Y AFE 288 FEcte AA dzept Hal Ee

ojulsic,

l‘l

20264 @A A AA 102 W E2 8 oF 3179 7, 20309 F4o| 75 A
mEAA 4017 4,810% N2 27V Ao& B 9}

Z7181= token $200] TS WAL Inteldt FAHA BAF AIS AAFICE BAF ATZ
A YAREshE oF 40YF EZS A 4= 91, HlEE 60% A7 7Hsdi

Cloud®} Edge= WAIA7} obd o WAUS 7J 3t Cloudoll A A3y =] oof
ohe 2l CloudolA Add Zo|i, Edgeolld A3 olof sl= A2 EdgeolA
134 Zlofehal AF3lrt. +83 A2 Cloud—Dev1ce7} 7 Atk ujold,

{0

m>~

AR A8E= Deviceol®= Agent A7} A-89 A2 B 9ty IAHY= phone,
watch, XR glasses, PCE ZtZ} E2|E 77|12 SHARE o|Al= ol 717171 A&
contextE F-Fohs T2 WSkl QlTt,

A= ARE2F9] phone, app, wearable, PC ¢to] AFAAZHA Eo7ln Ui &S
o|af|sl= Heko 2 HbASIl, Agent= app, device, workplaces 27} AREA[}
phonedl| Al A|ZFet 23S PCoJ|A] ©]oj7}aL, calendar-wearable-car dataZlA] 23|
AANE St 22 HHT AoR AYsitt



PC7} Agent Al2|
Z=st ClHiolA

Snapdrgon X series&
Agent Al PC £2M02

Qualcommato]
AEst ZOIE

ClaiolA &2Mof 23
Agent & 7tsotA

=1 I o
sl ZEE A7l TR

U2S 6915-5656

Qualcomm® PC7} Agent AIQ] 410 & o]%Ed Ao& K QJt} Agent’} scale
Al AEsted A AA Qlal, S7F B3k, localol Al A3 715t compute”t
I Q3| PCE power, efficiency, AFEALY] daily workflow ©|a|=S FA|o| 2k
7171017] wfzoltt, ofof wet Al agent A FAFO] PC= oFstil Qlom,
PCe= T A 71717k ofde} ofgf Qi tjufo] A5 A= agent orchestration
hubz Ws}e Ao 2 of gt

Qualcomm-2 Snapdragon X seriesE PCo|A] full agent orchestrations A3¥st 4=
= EHECE AT, Agenti= of2] appd} deviceE -S40l olaffstal, AAZEORE
ARgAL] 2] wiEke: mhotsl A3 actionS 483 R=4| Snapdragon X+ ©|& 53]
Agigehn S,

Cursor, Claude Desktop, OpenAl Codex 5 Agent Al workflow”} Snapdragon 7|%t
PCOJA native® 5% QL 359 7 ©JA device reachE 7]HWFOZ device,
agent, platforme A4st= Al A F4lo] € A= 7|digie},

6G B4l sk Ak 94 Qualcomm®| H]Z=U A HEls Hhgh Aijolr, AIE
9Jet 6G BAl AL 52 QA AT Aol a3 oty AAAL ol Al
FHolNE & fA, AHE HENR 90| 7hsdlob sk, HFE2 tiuto| oA
Cloud7HA| A|&2 07 AlgE|ojof gitt, o]F fJaljA] BAF AL 7] A= Qlze} Zyto]
UiAslE]o] Qlojok et BAAE ZEAo R o2 gtz wWmsjof stk AlA(E )
HEh A dAolA WSk dlolElE Fol AF-EYPA 5 FHole HE AAE
AAZE A — Agento] AR FAEAE o2 283t 4= Q)ofof it}

Qualcomm- 7 212 wearable B Agent®} AZAE = TE Tuto| A7 A A

Auehe SABL TSI QA WE tulolao] RE FEY o] AgentS
Aseke o glolq Al OR Fadh Wl Ay,

2 16, Qualcomm Agent Al7} Ol AgentE X

AL AT 22X £2M

Agent Al 82! C|HIO|AE= PC

L& IBKEASH
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HE So| st=20l|lA GTCE 7HA[GHICH:= OIR

Agent Al EH2

SSD 42 &3

Agent Al=
Inference AIELC}
Token ARQZF0| =

257 TokenO| 2MiGH=
220 Eolz] {shA

13.1GB KV cache AlZ

22 | IBKS RESEARCH

Agent Al= & A= WESOHH| 20
1. NAND= 0]0] WHZoHXID1 AI%Y

Agent A7} W=7 SAMEHA SSD Hgko] A1l ity HBM, DRAMYHE-
ofUA|qt o|A|E= FE3] Al Ak E20] EHA Cold datao]A] Warm Data® ©]%
Zoltt,

A} T HY3H F49 traditional inferenceolA A®, A, ¥, HAHe
HEES= Agent Al F2R2 A3kl itk Agent A= LLM inference®}
RAG(Retrieval-Augmented Generation)S 7§tz EASE Zx  flolg, i
ANAEE AZds) FAAQl datel Abs Ao r o]ojx|= Fxo|tt, o] IolA
inference context, token AREEF, A4 &8 Q| inference application®] H%F
S| AT token AMEEFE 2030E7HA] WEA 713 Ao &2 ARi,

Solidigm-2 1671 ©¢], 2571 token 479 T A (ex. Tell me about the top 5
seafood restaurants I should try when I'm in Taipei)®= AA| Az A=
42,025 tokeno] ¥AYIIL o] 13 1GB KV cache &3S A3ttty Ai3ict
X2 =87} F43] S76k= olfolth,



U2S 6915-5656

33 17. Inference Al AlH{

Traditional Inference Al

Simple Question /
Request

?

Al Inference System

— LLM Inference

= >

Document Movie

= - RAG

Picture Sound
Multimodal Outputs

247 KIOXIA, IBKEAEH

12l 18, Agent Al AH{

Another
/_ Agent Al
Complex Objectives, AG ENT A|
Data, and
Specific Expectations
PLAN

Revise

IMPROVE

Review

(ENE 2

Concrete Outcomes
& Automated Execution

LLM Inference

1111l
111111

EXECUTE [¢—-———-

111111

) —

Lo

Planning & Execution
9 Extemal Systems

ERP / SCP
o

Scheduling & Arrangements

2 KIOXIA, IBKEASH

IBKS RESEARCH | 23



Xl

A
(-

fo| er=0llM GTCE JHZlstACh= Ol

Olot

12 19, Inference Al Server System—2025

Storage Server

SSD

HDD HDD HDD

Storage for
Training &
Inference Data

GPU Server
HBM HBM
SSD SSD

Learning Snapshot
LLM Inference Cache

RAG Server

a

HDD

>0

Vector DB Server for RAG

2 KIOXIA, IBKEARSH

12! 20, Agent Al Server System — 0|24

Context Memory

GPU Direct RAG Server

t rver P rver
Storage Serve Storage Server GPU Servel Storage Server
High High High SSD SSD )
oo | com | o o
SSD SSD SSD HBM HBM OPS SSD
SSD SSD
SsD High
Capa
High High High SSD SSD SHL!pﬁr SSD
Capa Capa Capa igl
sso | so | s S0 — 0PS SSD
S0 S0 SSD
Training & KV Cache Learning Snapshot New Use Case Vector DB for RAG

Inference Data

LLM Inference Cache

A& KIOXIA, IBKEARH
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Al Data= 37§ E22
A}
oo

Complexity, Operational Persistence©]|t},

Data Richness : Size of each data object

Inference Complexty : Data generated per task

29 ghofl EE2

U2S 6915-5656

Al Data 7t digt o] 7Pgo] JATE Solidigme Lineardt? J71sk= Zo]
ol 371 02 ARt BEARCE 3714 &2 Data Richness, Inference

Operational Persistence : What survives, how long

o] HE5L ol ujulet Z7I5H, o] §H MRSl FARIEE o W) Hj4En

3308H St r. T molE 2d A FiNe 3308 A 20249l 9.7FofA
20261°= 3,20027H4] Eo] 713t
I 5. Al Data ‘8&2 3XHH
\ector Data Richness Inference Complexity Operational Persistence
What is it? Size of each data object Data generated per task What survives, how long
Text — Single—shot — Ephemeral —
Evolution Multimodal — Reasoning chains — Stored—by—default —
Sensor streams Multi—step workflows Continuous logging
In 2 years, Llama model OperAl API defaults
L ’ In 2 years, DeepSeek model = Assistants :
Key training corpus grew by 15x ; 5 )
Indicator - 2T tokens (Llama 2) context window grew by 31x 5TB project storage
— 30T (Liama 4) " 32K (V2) — 1M (R1) * Responses :
stored by default
\ector Data Richness Inference Complexity Operational Persistence
Ap&: Solidigm, IBKEAREA
22 21, Al Data M8 Z7t 2 72 22, Al Datals 3xIRI02 57}
Al Is Growing! Data
Richness
2 Al Data Growth Is .
al Volumetric i
,/L ______ T/ Operational
4 Persistence
Inference
Time Complexity

A Solidigm, IBKFAHS- 24&: Solidigm, IBKEAEH
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Al memory hierarchy
MEd &

Solidigm2 G10{lA G4=
2EX0|2 T2

12l 23, Storage Hierarchy

er=0lAM GTCE JHZ[sHACh= ol

Agent AIZ WHHSFHA Al memory / storage hierarchy”’} AHEIL QI Al
olxegh= GPU HBM, Host DRAM, Local SSD, KV cache Tier, Shared Storage=

oloj R A& FRE Solidigme HFskaL glct

GPU HBM-& G12=2 weights, activations, 7P =42 KV cacheE ©33dlal, Host
DRAME G2& CPU staging® KV cache prestagingS H9olil, Local SSD+=
G319 checkpointing, model load, warm KV spillol] AFEEH, AE5A FANSH= KV
cache Tiere= 3.5G2 FE3}1l agenticmulti—turn KV cache®} shared contextE
23ttt NVIDIAS] Blue—Fieldd STXE 2Jw|gttl Shared Storage= G40]il
inactive KV, training lake, archive 5 #7] B3 gjo|g dgg sttt KIOXIAE=

Network Storagegfil HEt},

~80-300GB per GPU
ns latency

GPU High—Bandwidth Memory (G1)
weights - activations - hottest KV (capacity—constrained)

~0.25-2TB per CPU socket
100ns latency

Host DRAM (G2)
CPU staging - KV cache prestaging

~100TB per node
100ps latency

Local SSD (G3)
checkpointing - model load - warm KV spill

up to 18PB per SuperPod
low ms latency

PBs per cluster
ms — s latency

New - KV Cache Tier (G3.5)
agentic & muli~um KV cache - shared  context

Shared Storage (G4)
inactive KV - training lake - archive

A& Solidigm, IBKEAZY

26 | IBKS RESEARCH

13 24, Storage Hierarchy: 3.5G= NVIDIA BlueField 4 STX

G3 NEW: G3.5 G4
NVIDIA Vera Rubin NVIDIA BlueField—4 Network—Attached
NVL72 STX Storage Shared Storage Servers
L iCEm
NVIDIA®
BlueFeld®—4
DPUs
] o]
\ |
— IT

A& Solidigm, IBKEAREHE



Local Memory SHA|
2=5t7| flet

Context Storage

Agent Al CHS

a2y

off st

TFTT 278K
RAG Data 65% =zt

U2S 6915-5656

Al Inference’} Z43124% local storage?r2 2= context data®} KV cacheE
ag&xoz TEsl] oH YA} SolidigmS NVIDIA G3.5 A& 3|@5k= context

storageE £3)| cache node®} KV cache offloadS A|¥& 4= ithal Er}

KIOXIAE Context Memory StorageE Agent AIES th$3dl7] ¢t &F
ANt SSDE &83

InferenceEs 7}&3 4=
SSD7} Wt

Aoz
3 Context Memory Storages Z3|| long—context Al
Stk Asic) Context Mermoy Storageol+= CPU, GPU,

of

AL KV cacheE SSDE offloadd}i AAFEs HBMZ} DRAMS] &2k -H]& Ajoke:
Hebsh= Al Solidigm-> Context Storage @A A]+= recomputing context Xt}
TTFT(Time To First Token)7} 278] w231, RAG Data®™ DRAM ARFS
zolomm 65% A7t 4 lrkn BAC). Shared Storageo]H= SSD 2540
HDDE A&t A gin] 1/98 29 4= 91, E93 A8 7|208L GPU AHS
50% © AL S~ Qe Aoz BT

Al Inference Data®] ialjA] Solidigm A&37F ASHE A& AA|s] B30T}
Al Infernce= T3] Q7351 AS Ajof|A] Zhoba] digsl= 7hekst 227} ofyatal

Az,

Request(Gateway and Policy / Schedular) )) Retrieval )) Context assembly ))
Perfill + KV cache(Decode) »» Toll / action loop(Guardrails) )> Response or

acton(Traces, evals, and logs)2] ©AS #*]+= Zo] Al Inference©|t},

12l 25, Context Memory is accelerating long—context Al Inference

7

GPU Server
HBM HBM
SSD SSD

\.

N

Active KV CPU HBM
Context Memory
Storage Server y
Staging
" System DRAM
SSD for TS 1 a—
1
Context Memory Storage -4 S0 SSD ) Local S
\\ Off—loading &
* High Performance \ Reusing KV Cache
Lo ) \ SSD SSD
High Capacity ! ‘ Warm KV Reuse KV Cache Storage
* Mixed Use Endurance |
(3 DWPD) o S50)
i Cold or Shared KV Datacenter
H SSD SSD Network Storage
i Context 9
1

Zt&: KIOXIA, IBKEASH
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12! 26, Context Memory &1}

KV Cache

RAG Data

Up to

27x
FASTER

Time to first token(TTFT)
vs Recomputing context

Up to

65%

Lower DRAM usage with
no performance loss

A5 Solidigm, IBKEAZEY

18 27. Shared Storage

GPU Servers Context Storage

12 GPU racks
with 50PB

9 racks, 54 kW

| 1 rack, 1.7 kW

Future Scalability —

Servers with
Solidigm D5—-P5336

Network Storage
Power Reduction

Shared Storage

BENEFITS

-Q 30TB HDD Servers O:1 storageRackReduction
With SSD Cache

A& Solidigm, IBKEAZY
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More GPU Serversin
Same Power Footprint



3%l 28. Al Inference THAE AIEELl= HIZ22| EH

oN
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} 6915—5656

Al inference is
its own data pipeline.

Storageis no longer a
supporting actor;

It's critical infrastructure
across every tier.

Al inference
is not just

Model serve

Response v

 —

Local Storage : GPU Server - NVIDIA G3

Solidigm D7—PS1010

Al inference is

Request or sensor stream
Gateway and policy
Scheduler

Retrieval

Context assembly

Prefill + KV cache
Decode

Tool / action loop

Guardrails

Response or action

Traces, evals, and logs

Veclor search

KV cache

System prompt load
Conversation summary
Retrieved chunk pack

Tool schema inject

Model weight load

Tokenize

Prefix cache lookup

KV reuse and offload

Eviction

Tool registry lookup
Permission check
Sandboxed execution
Tool resultcache
Durable task state

Audit log write

Solidigm D5—-P5336

Context Storage - Cache Node - NVIDIA G3.5 Shared Storage - JBOF - NVIDIA G4

A& Solidigm, IBKFARSH
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GPU2} SSDE A= Computex 2026914 7 QA 742 AE F dltb= GPU Direct Storage©|tt,

e HBF= GPU %o DRAM] obd NAND7F 71 H3hs sh= 7Hd <l Aol vls)Al GPU
Direct Storage= A® uWlo] GPUL} SSDRtez FAlE o] Qlty, GPU Server’}t
GPU$F HBM 12|31 SSD& 4% A= APEote = WAolt,

GPU Direct Storage= GPU”} SSDo| A4 A8 HBMQ| AT Hl-& Aok
BESH= Lxolty, 2 graph neural network8 ti+Fi dlo|E *&et GPU 7|4t
vector DB indexing 740 ARE-EIC}

12l 29, GPU Direct Storage

GPU Server GPU Direct
Storage Server

s Super HighIOPS SSD

4 ¢ Designed to overcome HBM scalability
’ and cost constraints

GPU-Driven I/O
— Up to 200 MIOPS/GPU

Small Chunk Data Access
— 512 Byte
— Low Latency

Direct GPU—to—

e

A J

Zt&: KIOXIA, IBKEASH
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A ZEE0 T

Al SHipl Qlmah=
Data system

Hi=Els OiAF 0%

— =

HIO|Ef= &0 Tt

ZIE2 3.97MB,
AMHf H|0|Ef= 506MB

12 30. 97% Data= X%

U2S 6915-5656

2 HDD: KIZAXIPH e B2 TLH

A7} 4% F2o] EWAl HBM, DRAM, NAND7HAl:= AEEA9t HDDof| gt
Jda4E AES AlE= Computex 20269014 A& H3ch Datadl &2 whA|H
Cold dataolct, sFAIRE A 2|eljoF sl= dlolEl7} Al #olA Hrh= A 1L2shd
Aol telirl= 2ol e Ha= gt

HDD #& Y88 Western Digital(o]3} WD) ojAd o= Aejstqrt.

WDE Al QZ2}= compute®t} data systemo|shal FAstch Al ¢l o
compute 73 0] 0}1411} glo|g7} A& A A AYAMEE= data system OS2 H il
Art,

iy

<

AARS i AL R|E dloels AlZte] ZAeE RAEE EAS 2k oh
scale®] AALE storages= HX QZeprt opgl Al H]§ 20} AlAH A
A= HA Q47 E 4 ol it

i 2

A

AT 7} 218 i storage H1§ Zjol7h 27 Holx A%, EBZB B9l AXH
212 Gt Hol7h vkt ul G Hjol= STAEL} $0.01/GB Xol7k ITBAL $10,
[PBOJAI $15F, 1EBOlAE $1,000%F, 100EBAIAIL $109] o]z 77k, WD=
HDD 30TB, QLC SSD 30TBES H| RS uf v]-4-S 22u) 2jo] ek HAT,

Al 127} o3 storage B2 T F55 Ago] ofufe} AA| architecture@t
BAVS S Aol A= Hof gt

AlA oA 7HA] A& 3t o] FFdS ARkt A|AgE 3 8% 3o 720p
3.97TMBe] H|H e S Aus dch of7|o] AME-E GPU Memory 253MBE
3Z3F8F Storage?] & 3 506MBo]1l o]= Storaged] A& Eo] ot

e A 4 \ 4 \
GPU Memory Storage 97% of Data Stored
~40GB 506MB Encoded MP4 Output
Inference Trace User
Model Weights ~1MB & Request Log fﬁid
) Si
~D— 4GB ~y 5OOKB Session & APl Logs e
Latent Tensors ~y 3 OOKB Telemetry & Metadata Backend
Storage BB
253MB ny 1 M B Compliance Record
Decoded Raw Frames SynthiD Watermark
Pre—encode < 1 KB Record
\. J & J/ | J

218 Western Digital, IBKEASH
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Storage= Al storage architecture®] th53p7F A Folck kAl 43 HBM, DRAM, NAND

2 Tier0llAf 4 Tier Hoh A9 LRolt) 7]& cloud storage= flash”7} hot data, HDD7} cool-warm datas
S8k 2—tier 27} 2410|120, Al A= model weights-GPU overflow, KV
cache, vectors-embeddings RAG, bulk storage® W+ 4—tier 30|t}

a3 31. TSH Cloud MYEX| 13 32. Al Cloud= 4 Tier

Traditional Cloud 2 Tier Model Weights & GPU Overflow

KV Cache

Cool / Warm Data

A& : Western Digital, IBKEASH AF&: Western Digital, IBKEAFSH
Large transaction0i|A{ Small transaction Z7}7} Flashe ¥4 o=zl "THEQIT, large transaction
HDDE E4E Z7}= HDDE WA 7153t bulk storage® W=2t}h. Flash:s WE read 4

workload®} KV cache, vector-embedding, RAG A& Aglstil, HDD= t2
write stream, archive, synthetic data, training data, %7] 23 gjo|gof A&kt
ZAog Ry Qlty, AZFHOZ Al storager Flash®} HDD % 3lyE A€sh=
EA7} obdz}, workload & 98-S U= multi—tier 327} iA]o|ct

12! 33, Large Transactions on HDD

Small Transactions Made Flash Indispensable.
Large Transactions Made HDDs Irresplaceable

Memory
Model Wights & GPU Overflow

HDD
Flash AzE )
KV Cach
The Reads o The Writes

Three new tiers Flash Three write streams,
Vector, Embeddings & Rag One tier, A|Ways growing

HDD
Bulk Storage

212 Western Digital, IBKEASH
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Agent Al 29| £EE S}

2B F0] Marvell® A28 THOR AT Qlzeke] $5-2 o1F3ch Y sheluct loje} A%
@20 2 2 A28 gEo] ¥ Fas) A AOE sy

Xl Qlt}. NVIDIAZ} CPO(Co—Packaged
Optics) & 57 A= L9435 7Nt A3t 22 dizho|,

Al A5S © oA GPU / XPU A%, 34 =&, HBM tfjdZugtog Aws)r)
ok st 27] Al Q1= &2 compute$al, ©]%F Memory bandwidth7}
S4 P2 HZFOL), oAl connectivity7h tH WEo] B Ro= A

%/ MR reasoning model, MoE(Model of Expert), Agent Al EHAto 2 dlo]g o|%TFo]
shzshol & 2| o=

F=5kal, =gl HdbofA ¢ =& gjdZi} % AN @38k et
St ) ZEAAZE S AdE PR AUAY ABstelw 1k-44d
Az7o] o]t

AA A SolsaUEE Al dmet se] BAS QA4 EAR Ru
YESE o EAS A A4A Fol ook g

=k

k1
(o)
s
N
e
i

ol

(=] o =
—T‘—E— A
Meta "The requirements have grown beyond what can fit in an existing data center
campus.”
Google "Transforming globally distributed infrastructure into one seamless supercomputer.”
ANS "The way networks had been built wasn't going to scale into the future
and that something fundamentally different had to happen.”
Microsoft "The speed of light is now a key bottleneck.”

Ab&: Marvell, IBKEASH

IBKS RESEARCH | 33



>
0|0Il
ol

fo| Sr=30iM GTCE

2

Hio|EfZt 0I5 7HEl=
CHet

HE|H2 &2E, DSP,
PAM4 S Cifot E8M

Reck LS OF&] 2|
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JHZISIACHE OlF

AT dlolejAlle] 42 Hlo[BAlE 7 i~
Wi 4= m, #7|A WE mm S7HA] ook
Agloieh 283t 7, AAYold odF, 39
A QlzekE Awskr] o

km, GloJEJATE] Wi <=8 m, Rack
5l Ag] F7rog FLAEe 9t 7
ol trE7] mEe] g ERH0R

glolgJAllE] 7F Scale Across G ¥ollA= Coherent DSP(Digital Signal Processor)
718F A FrEo] dilold, dlo]EAlE W Scale Out @Y ol4= PAMA(Pulse
Amplitude Modulation 4-level) DSP, TIA(Transimpedance Amplifier), #o]A]
Cofols, o|gull AQ)A|7F S 4lojt,

Rack YRt BE ZRAA7l e mE maaxel 24 SAlso} s, Scale Up
el @A) Fel 7l 1 AT A4 FAloltt

j7]A] UHoA= die—to—die interface®} Advanced Packing®] %23}, chiplet
7k 2314 short—reach $1Z20] 34 A= FAfstar Qlot,

13 34. Every Distance, different solution

Every distance, different solution

Distributed DCs Data center Rack Package

up to 1,000km+ up to 1,000km+ 25t07m {10mm

Scaling Al factories from kilometers to millimeters

Ab&: Marvell, IBKEASH



T2 =2H

200Gbps=
2.5m77kX| 2t T

0lo

400Gbps=
Rack LHR= &

etA

U2S 6915-5656

Al dloJgjAle] o] a4 WIg o= Marvell> Copper Wallg AAIJC =
heofal vl go] o 7hseh 2 ARgsoF SRR, HiHHe] FobdeE AE Tk
A7t gotle =84 AV EARTH.

digFo] 2vff s wivhet 2] Alolge] i AF 7zl ARt fE0= At
A 7P w2 200Ghps/lanedllA| 2] AlolE Zol7} F 2.5 k=
Rack 3zole} Ui uijAl B 28 efshd oju] Aol 24 Zlo2 Ha Qlok

400Gbps/lane Alt|Z Hoj7}H Rack UiF AAE FY=2 AA3] AZsY|
o A|1L, A= Rack W 4= FOo= Hghd ol gl& Ao=2 AYsia
ek 209 A dolgAlE R dZo] oA For HMeHH AAH, ojHol=
Ak M7} Rack WH7HA| 5= =rHoltt,
12! 35, Every Distance, different solution

Distributed DCs Datacenter Rack Package

up to 1,000km+ up to 1,000km+ 25t07m {10mm

A& Marvell, IBKEASH

T8l 36. ixll= Copper

5.0m

One rack

Today Transition to
optics

Rack Package

25t07m {10mm

Bandwidth
100G 200G 400G 800G 1.6T

A& Marvell, IBKEASH
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12! 37. Rack/7HX| Optics

Marvell connects Al infrastructure
across every distance

Distributed DCs Data center Rack Package
up to 1,000km+ up to 1,000km+ 2.5t0 7m {10mm

Fiber optics

Z}&: Marvell, IBKEASH

12! 38. Copper= R¢M0| KLt

Frontend NICs

O O
Memory Memory
Copper decides the architecture
XPUs Fixed configuration, no flexibility
Y M NS
N N N N
C c - O
Backend NICs

A& Marvell, IBKEAHSH

33 39. Opticalo| OJ2HC}

Copper — The limit — Optical
Today Tomorrow
1 rack Across racks

Up to 144 XPUs
Copper limit

1000+ XPUs
No limit

A}&: Marvell, IBKEASH
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CPO7t Rack LiE F&9| CPO+= Rack W Optical A%ke] 4] 7|&olt}, Vera Rubin A|AHEo] NVIDIAZ}

st HE3haL gk, 712 YA 294 Aol PCB 72 traced 71X A Hde]
FRERZ ATE HuUe £xQ4Y HgfA CPO+= optical engined 494 Ex=
compute package HF= ol wjA|S] ¥ traceE F°|il, FAHFE package
7i7to| A Lo = WAlo|tt,

Rack W4 A7 = Rack 7+ AR} oF 108 7] izl 7]& pluggable optical
module YA 02 A s 43}7] offct. CPOE ©18 A Ysttt,

%
ol
B
=)
H
M
=2
i

Computex 2026914 MediaTek® & AZL Fh3ch

12! 40. CPO(Co—Packaged Optic)

A& Marvell, IBKEAHSH

73 41, Medialek CPO

A& MediaTek, IBKEAEH
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2| ’Mef ele
G| O|EfMIE]

Compute, Memory,
NetworkO| 2 22| |0
HiXIE 7t

AQITZat= HZAMO| OfL 2t
24 / workload7} 4=
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B UEHZY g4 A9 g7t glojdl Ho|HAIEE ou|ditt, 3F dZo] Rack
Eel A WE 712 24 CPU, XPU / GPU, Memory, network interfaceE
geHon o Alag eo] AT LRt floll,

A= vy gy A gRo] CPUXPU-MemoryZt HE oA 7}17to]
WAIEolo} AR, optical o] HTElE ALS WE poold HelT 4 UL
Ao g AWttt compute pool, Memory pool, networking pool& workloado] wzk
FHoR zgsy g% CPU:GPU:Memory H|&ojAl WAsk= A4 g &

sict,

o)
=

b

Al workload: scale—up cluster 7]l 23 Z7|A= Ao] ofyz}, HEQ] IQoj
et o 2 SRR AF 7FesHA Hal g8 o2 4uul 719] Compute, Memory,
Network resource”} SPHAH Zhgdl= F27F 7hesfizicy, 222 Al Qlzet
ol7|E X7} AAA 9] A7E ohyet E workload?] Haef oJa AHolsl= AR
ol Ao s},

Pursuing every optical path, across every distance

‘ A~

Ultra-low power, All optical
high density scale-up fabric
MRM EAM

Broad level,
laser-free
HLED

Short-reach,
high-density
WVCSEL

Broadest portfolio to meet diverse custorzer needs
|

k& Marvell, IBKEASH
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PHA] Floating Data center] tj$t

Floating Data center
Ao AHF Tl B F5
M7 91T Deta center/} ArjEOR RESAW HE, B4 S, Y2k A2E
o kel Theko 2 sjoreic,
ZYPE, 744

Super Micro 2F
508 A% 457t $08 2wt o] i

of offat Sl HRAIAL, A

2.5}z upAlole},

—

82X, 18 2=
2=5t7| {8t thet
Floating Data centerv= <A AE
ZA2"HE & 9
. Keppel2 Al71E2 oA 25MW FE2 X8 0] 2028
S0 AL

TEE floll AW, A9 A, ¥
i O s
PIME o] dE AR AT

12! 43. Floating Data Center

AR A

| 39

4
and its individual capacity can be expanded with add-ons.

IBKS RESEARCH

A} Super Micro Computer, IBKEAEH



HE So| st=20l|lA GTCE 7HA[GHICH:= OIR
T BEE o1Zet 9 slcih 7o) B8 Amslel E83F 4 ek ol Atk N
) ZYo} Stocktonol| Al 4= 7]¥k QlZe}s ARg-slar Qi
= &= 80| =edel Ay B9 Ala" SRR s5dd INGE o] 4dt
ol-g3t 4= get.

A A=ol vlshA Risk= U=t
A7} .

Riske= 1184 Algt

ot
Ho

12! 45, Floating Data Center —

A&, T, Al Gu] o)k,

Nautilus Data Technologies+

)
~
e
%
~
2
ol
1
filjo

373 BAPL wY

UPs/Battery —— 4 N ma—
Data Hal — . .‘_ ' 1
d Data Center - v = : !
. —i— Power Plant
FuelTank
Mach, Space )
Az A5 5Y, BKFEASY

12! 46. Floating Data Center — LNGS 0|28t XIH| Wzt

SAMSUNG

SAMSUNG HEAVY INDUSTRIES

AF&: Super Micro Computer, IBKEASH
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